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Teaching Philosophy and Methods

I believe that economics is a powerful tool to analyze nearly all aspects of human behavior, and this belief guides how I teach my students. Building and testing economic models can be useful in understanding everything from standard topics like the returns to education or the effects of a specific environmental regulation to less frequently analyzed topics such as who a professional sports team should draft or why the Hollywood film industry makes so many R-rated movies when they're far less profitable on average than movies for kids. I bring a variety of topics to class because I want to be an excited and engaging teacher who shows his students that they can use the mathematical and logical tools from economics on any topic they choose. If my students take only one course in economics, then I hope they will be able to understand not only how supply and demand work in the Fed’s open market operations, but also how they work in their own everyday decision making. If they major in economics or take econometrics from me, I would hope that students learn both the math skills to prove that OLS is BLUE and how to tell the difference between correlation and causality in studies they come across in the media. And if they plan to go on and do research, I would hope they learn from me that they can research almost anything that excites them.

To meet this goal of teaching students the wide range and applicability of economics, I find out my students’ interests and bring in examples from those areas. In classes with lots of student athletes, I make sure to mention the constant struggle over collective bargaining agreements in professional sports when discussing the indeterminate result of a market with a monopsony and a monopoly. But even if I'm constantly thinking of ways to share economic analysis of current events with my students, I need to do more than just lecture to help the students learn to do the same. So I ask students to bring in their own news articles to share with the class, and I always encourage students to find something they consider truly interesting (NGO aid work in Haiti? the newest Apple product?) instead of just grabbing the top story from Yahoo! Finance the night before their presentation.

In addition to giving humorous lectures and helping students see how economics applies to the news, I hope to accommodate the learning styles of all my students, not just those who understand my pop-culture allusions because they have seen the same episodes of The Simpsons as I have. To do this, I ask students to solve problems in small groups or to explain concepts to the whole class. I like the objectivity that mathematical problems bring to economics (solving for equilibrium price and quantity, taking first order conditions and solving Legrangians, etc.), but I hope to strike a balance in my students between the right mathematical answer and being able to explain the answer to their non-economist grandmothers, so I require students to write coherent essays about what they learn--a critique of Freakonomics or Super Crunchers, for example, or a referee report on a journal article, or a term paper of their own econometric analysis. 

I also make an honest effort at being aware of my students' varied backgrounds. By working in developing countries in East Africa, mentoring a Little Brother (of the Big Brothers/Big Sisters non-profit type, not the biological type) from East Oakland, volunteering with the IRS' low-income Volunteer Income Tax Assistance, and volunteering for a political organization working to end discrimination against a minority group to which I don't myself belong I think I have learned to work well with people from backgrounds different from my own.  From the little things like making sure my test questions include names typically associated with a balance of nationalities and genders, to not making assumptions about my students, I hope to be an inclusive and approachable teacher.

Through this inclusiveness and by teaching up-to-date empirical methods on up-to-date topics, I think I can be an informed, educational, and enjoyable teacher and mentor.

Teaching Experience

Graduate Student Instructor, UC Berkeley
Econ 1- Economic Principles




Spring 2008, Spring 2010


Econ C110- Game Theory





Fall 2008, Fall 2010



Econ 100B- Macroeconomics




Spring 2009, Fall 2009

As a GSI for undergraduate courses at UC Berkeley, I held twice-weekly sections to lecture, review material from the professor’s lectures, and lead group activities. I also graded exams and problem sets, and held office hours.

Co-Instructor, UC Berkeley

Global Poverty & Impact Evaluation



Fall 2008, Fall 2009

As a two-time co-instructor, I was part of a two or three-person team that designed the syllabus, wrote problem sets and in-class activities, and gave lectures on methods of statistical impact evaluation (randomized controlled trials, regression discontinuity, matching, difference-in-differences) and their application in development economics. The course was taught to advanced undergraduates and Public Health and Public Policy Master’s students.

Instructor of Record, Brigham Young University

Econ 110- Economic Principles




Summer 2006 


I was the sole instructor for a large introductory economics class of 110 undergraduates. I had full course responsibilities and managed four teaching assistants.

Teaching Assistant, Brigham Young University

Econ 378- Statistics for Economists




Fall 2002


Econ 388- Intro Econometrics




Spring 2003


Econ 380- Intermediate Microeconomics



Fall 2003


Econ 588- Advanced Econometrics




Spring 2004


As a teaching assistant as an undergraduate (for undergraduate courses), I held regular office hours to assist students with problem sets and understanding of course material and graded exams and problem sets. 

Course Syllabi and Assignments

I have twice been a co-instructor of a course taught through UC Berkeley’s Democratic Education at Cal (DeCal) program.  (DeCal courses are all Pass/Not Pass and are typically led by student “facilitators.”) The course was called “Global Poverty and Impact Evaluation: Learning What Works for the World’s Poor,” and was funded by the Center of Evaluation for Global Action (CEGA) with my advisor Ted Miguel listed as the instructor of record. The course was aimed at advanced undergraduates and graduate students from professional programs such as Public Health or Public Policy and covered rigorous statistical methods of program evaluation such as randomized trials, regression discontinuity, matching, and difference in differences, all using important case studies from developing countries. I would love to teach the course again, and have modified the syllabus to include instrumental variable techniques and strengthen the course in general so as to make it a regularly listed economics department course worthy of 3-4 credit hours and a letter grade. This revised syllabus is included in Appendix A, as well as the original syllabus that was jointly developed for the course in 2008 and 2009, and also a Stata-based problem set that I wrote for use in the class.

I think the syllabus does a good job of dovetailing with my philosophy of making economics relevant and using a variety of methods of instruction. The students learn the statistical theory of impact evaluation, but through the lens of interesting case studies in development economics such as Progresa in Mexico or deworming in Busia, Kenya. In addition, students are required to complete problem sets in which they apply the same statistical evaluation methods they learn using Stata and actual data, often directly from the papers discussed in class. The material is very applied, with case studies and journal articles drawn from recent publications and working papers. Some theoretical papers (such as those by Josh Angrist and Alan Kreuger) are by nature a few years older, but are still the most important papers that describe methods that development and labor economists use in research today.

Potential Courses to Teach

In addition to the course on impact evaluation described above, I will be prepared to teach the following undergraduate courses: Introduction to Economics, Intermediate Microeconomics, Labor Economics, Development Economics, Law & Economics, Statistics for Economists (typically a prerequisite for Econometrics), Introduction to Econometrics, and Applied Econometrics. In addition, having been a Graduate Student Instructor twice each for both Game Theory in the Social Sciences and Intermediate Macroeconomics, I would be prepared to teach those courses, though they are not my specialty. 

I have already taught my own large lecture course of Introduction to Economics. This was one of my first teaching experiences. I have learned a great deal about both economics and teaching since then, I have twice been a Graduate Student Instructor for award-winning teacher Martha Olney’s introductory course, and I am very interested in introducing new college students to the discipline. 

In addition to any of the core courses in micro, macro, and econometrics, I would be very interested in teaching undergraduate field courses in labor economics, development economics, applied econometrics, and law and economics, all fields in which I took graduate courses or passed qualifying exams. 

Evaluations of Teaching Effectiveness

A full set of teaching evaluations is available upon request. Summarized here are my overall scores (on a 1 to 7 scale), along with department averages from my time as a GSI at UC Berkeley.

	
	
	My Average
	Department Average

	Intro to Economics
	Spring 2008
	5.6
	5.3

	Game Theory
	Fall 2008
	4.97
	5.36

	Intermediate Macro
	Spring 2009
	5.67
	5.41

	Intermediate Macro 
	Fall 2009
	5.23
	5.32

	Intro to Economics
	Spring 2010
	5.16
	5.24


In every semester I have taught, I have chosen to give an anonymous mid-semester evaluation on my teaching, and I have always tried to incorporate students’ feedback from this and the end-of-semester evaluation into my teaching.   For example, when I taught my own large lecture course of Intro to Economics, I assumed that students would enjoy seeing mathematical examples constructed on the fly—that the benefits from seeing the specific numbers (for example, willingness to pay to construct a demand curve) come from the audience would outweigh the cost of my not knowing the numbers beforehand and thus having to do calculations on the fly. By doing a mid-semester evaluation, I discovered that a majority of my students disagreed, so I started picking numbers beforehand so that I could run through the example more smoothly.  Since then, I’ve seen it done on the fly for positive effect—a teacher used electronic iClickers to poll students for their willingness to pay then constructed the example based on their answers. I may adopt this method in the future, but regardless, I will continue to ask for student feedback on what method helps them learn best and structure my class accordingly.

Another thing I’ve learned from student evaluations is that first impressions matter. I’ve had several professors, from my very first economics class up through grad school, who were openly disdainful of the fact that there were too many students or not enough seats for the first few days of lecture and made some effort to scare away a few students to keep the fire marshal happy. It never really bothered me and I became close with several of those professors. I also assumed that since it didn’t bother me it didn’t bother anyone, but after reading student evaluations I’ve come to realize that first impressions have a lasting impact for many students. Jokes I’ve made only once and only on the first day of lecture have ended up on end-of-semester evaluations.  Realizing this, I now make a conscientious effort to be pleasant and enthusiastic on the first day of lecture. 

In general I find that most students enjoy my sense of humor, consider me approachable, think that I know what I’m talking about, and enjoy the variety of teaching methods I use. But by nature I find that it takes me a while to warm up to new people. I can also be fairly sarcastic, and I find that this can lead students to have a very polarized reaction, mostly positive but sometimes negative, to my style. I try to be self-aware of this and strive to start things off on the right foot with students so that they’ll find me approachable throughout the semester.

As a GSI it was not my role to implement large changes in overall course policy, but I have still learned thing from evaluations that I will integrate into my own policies. Specifically, I find that most students highly value individual feedback on homework, so I will try to grade for correctness rather than completion, as supplying detailed suggested answers is sometimes insufficient. Also, I find that although some students don’t want to be bothered with “busywork” and are fine with be assessed only on tests, the large majority of students greatly appreciate thoughtfully arranged assignments that help them learn and determine a portion of their grade. Students find a class that has no variety and is entirely lecture stultifying, and finally, I’ve learned that students are much happier when professors monitor and assist their teaching assistants and are clearly in sync with one another.

Professional Development Activities

As a graduate student at UC Berkeley I have had a good deal of teacher training. Most importantly, I was selected as a Fellow in the 2010 Summer Institute for Preparing Future Faculty. This was a month of training on both ways to improve my teaching and what would be expected of me as a faculty member. Also, I took a semester-long departmental pedagogy seminar taught by one of our department’s most decorated undergraduate teachers, attended the day-long Teaching Conference for GSIs sponsored by the GSI Teaching and Resource Center, and completed the online Professional Standards and Ethics in Teaching course before my first semester as a graduate student instructor. 

(Note: Syllabus revised by Garret Christensen for use as full 4-credit course.)

Global Poverty & Impact Evaluation:

Learning What Works for the World’s Poor

Tuesdays and Thursdays 9:00-11:00am, 122 Wheeler 

Instructor:

Garret Christensen
(garret@econ.berkeley.edu)

Course Website: http://www.ocf.berkeley.edu/~garret/decal.html
Office Hours:

Wednesday 1:00-4:00 PM, 608-11 Evans or by appointment
Many people are happy to assume that giving free medicine, mosquito nets, or textbooks to starving children in less developed countries are all good things. But we live in a world with limited resources and thus it is important that we use those resources in the most efficient manner. If a government or donor knows that it can save ten lives with $1 worth of vaccinations or one life with $1 worth of textbooks, it should spend its money on vaccinations and not textbooks. So how do we know which type of programs save the most lives? Students who take this course will learn how to answer this question both in practice and in theory. By the end of this course, a student should be able to design a simple intervention or program, write Stata code to analyze the data gathered from a program and conclusively determine the causal effect of the program, and understand the theoretical statistics behind their evaluation.

The course will cover impact evaluation theory in general (causal inference, omitted variable or selection bias, and experimental design) as well as specific methods (randomization, difference-in-differences, regression discontinuity, and propensity score matching). The curriculum will include both the theoretical statistical underpinnings of each method as well as the application of these methods on the ground, with weekly case studies of field research drawn from the international development literature. A Stata programming assignment will be given for each of the five major methods taught in class. Discussions of methods will also include issues related to research ethics and the protection of human subjects. At the end of the course, students will be required to present their own impact evaluation project, consisting of either a detailed proposal for a new project or a new evaluation of a previous project.

Prerequisites: The course is ideally suited for advanced undergraduate students with an interest in applied impact evaluation and some prior training in econometrics or statistics.  Graduate students in Public Policy, Public Health, Education, Political Science, ERG, and Sociology, and undergraduates who have taken statistics or econometrics courses may benefit the most from this course as well.  The curriculum is applied and will be useful for students engaged in international development field projects, social entrepreneurship, and policy analysis. Undergraduates interested in international development are required to complete Econ 140 or 141 or an equivalent introductory econometrics course before enrolling.   

Methods of Instruction: During class, the instructor will present the main concepts in lectures structured around case studies (listed in the readings under each week), which will also serve as the basis for class discussion and small group activities. Lectures will discuss the strongest (most rigorous) evaluation methods and the shortcomings of weak evaluation methods. Case studies will highlight research from Africa, Asia, and South America as well as the U.S. and will cover programs related to health, governance, education, and agriculture. Group work will provide hands-on experience with research design and data analysis.

Required Readings: There is no assigned textbook, although students may find Angrist and Pischke’s Mostly Harmless Econometrics to be a useful reference. Almost all readings are from academic journal articles. It is expected that these articles will be very difficult for most students to understand, so students should allot enough time for thorough reading, but not become discouraged if they don’t understand. The course website provides a link to each of the articles. Most of these links are gated, so make sure your browser has the correct proxy settings. (http://www.lib.berkeley.edu/Help/proxy.html)

Grading:  Students will be graded on the following: 1) two exams (25%, 125 points each), 2) a final group presentation (20%, 100 points) 3) five short problem sets (approx 3 hours of work each, 5%, 25 points each) and 4) attendance and participation (5%, 25 points).  In accordance with department policy, your overall grade in the course will be based on your performance relative to your classmates as well as that of students in previous years of this course. Theoretically, it’s possible for every student to earn an A, but most likely, 20% of students will earn some form of “A,” 30-35% of students will earn some form of “B,” 30-35% of students will earn some form of “C” and the remaining students will receive a “D” or an “F.”

Exams will take place on the following days. Students must take both the exams during the regularly scheduled time as there are no scheduled make-ups.

Midterm 1: In class, October 13

Midterm 2: During regularly scheduled final exam slot, December 10, 8-11 AM 122 Wheeler

Final Project/Research Proposal:Each student will be required to submit a final research presentation during the last two days of class. You are welcome to work in groups of up to 4 people. The project consists of two main parts: a 10-minute in-class presentation and a 5-page paper. This project may either be a proposal for a new intervention or a new evaluation of existing data. You are to describe the program, its design, conduct data analysis (or determine the likely necessary sample size and cost using a power calculation), and describe the possible policy implications and ethical and externality complications, if any. More details will be distributed during the semester and are available on the course website.
Problem Sets:  These are designed to teach students how to apply the five methods (randomization, difference-in-difference, regression discontinuity, instrumental variables and propensity score matching) using statistical software (Stata) with actual data.  The necessary Stata code for each set will be discussed in lecture.  Listed below are the five problem sets with the emphasis and due dates. Assignments are due at the very beginning of lecture on the day indicated. Late assignments lose 10 points (out of 25 possible) for each day they are late. Assignments turned in during class on the appropriate day but after other students’ papers have been collected will lose 5 points.

Problem Set 1 (Randomized Evaluations):  Handed out Sept 11, due Sept 29.

Problem Set 3 (Instrumental Variables): Handed out Oct 1, due October 8.

Problem Set 2 (Regression Discontinuity): Handed out Oct 15, due Oct 27.

Problem Set 4 (Matching / Propensity Score): Handed out Oct 27, due Nov 5.

Problem Set 5 (Difference-in-Difference): Handed out Nov 10, Due Nov 19.


Problem sets will require Stata, a statistical software program widely used in impact evaluations. Students are encouraged to use the Tolman Hall computer lab  (Room 1535) during drop in hours (which can be found at http://facility.berkeley.edu/labs/hourstmf.html).  If you need to purchase a copy, a single-user one-year license for Small Stata is available for $48 from http://www.stata.com/order/schoollist.html#california (Small Stata is technically sufficient for this class, but students will likely have a better learning experience if they use at least Intercooled Stata, and thus lab use is encouraged.)

Problem set submissions should consist of both a very reader-friendly written explanation of the answers and a copy of the .do file used to obtain the answers. Turning in a log file or copy and pasting long sections of results with no explanation is not acceptable. Copying individual tables and writing a summary is acceptable, as is using the outreg command. 

Attendance/Participation: To encourage lively discussion in class, attendance and participation will account for 5% of the final grade. This will consist of taking attendance and the occasional small in class activity or unannounced quiz.

Special Accommodations: If you require special accommodations for exams or lecture due to learning or other disability, please speak with me directly by September 11. You will also need to obtain an evaluation form from the Disabled Students' Program (http://dsp.berkeley.edu, 230 César Chávez Center).

Academic Honesty: Cheating and all forms of academic dishonesty are taken extremely seriously. Students found to have engaged in this activity will receive an automatic zero on the relevant assignment and will be reported to the Center for Student Conduct and Community Affairs. Students found cheating on the final exam will automatically fail the course. Plagiarism is a serious form of academic dishonesty. For more information please see: http://students.berkeley.edu/osl/sja.asp?id=4068
 Anticipated Schedule: 

Sept 1 Course Introduction

Sept 3: Aid Effectiveness

Banerjee, Abhijit et. al.. Making Aid Work. The MIT Press. 2007.

Easterly, William. Can the West Save Africa? Journal of Economic Literature, 2009.

Sept 8: Introduction to Impact Evaluation


Duflo, Esther. Scaling Up and Evaluation. Annual World Bank Conference on Development 


Economics, 2004.


Fisman, Raymond and Edward Miguel. “Chapter 8.” In Economic Gangsters. Princeton, New Jersey: 


Princeton University Press, 2008.

Sept 11: Randomized Evaluations: Statistical Theory

Duflo, Esther, Rachel Glennerster, and Michael Kremer. Using Randomization in Development Economics Research: A Toolkit. Poverty Action Lab White Paper, MIT.

Sept 15: Randomized Evaluations: Successful Examples  

(Case Study: conditional cash transfers in Mexico) 

Schultz, T. Paul. School Subsidies for the Poor: Evaluating the Mexican Progresa Poverty Program. Journal of Development Economics. June 2004, 199-250.

Sept 17: Randomized Evaluations in the US


Ashenfelter, Orley and Mark Plant. Nonparametric estimates of the labor-supply effects of negative 


income tax programs. Journal of Labor Economics, January 1990, S396-S415.


Kling, Jeffrey, Jeffrey Liebman, and Lawrence Katz. Experimental Analysis of Neighborhood Effects. 


Econometrica, January 2007, 83-119.

Sept 22: Randomized Evaluations: Applications in Microfinance

(Case Study: microfinance in South Africa )

Karlan, Dean and Jonathan Zinman. Credit Elasticities in Less Developed Countries: Implications for Microfinance. American Economic Review, June 2008, 1040-1068.

Sept 24: Randomized Evaluations: Complications, Externalities

(Case Study: deworming drugs in Kenya)

Kremer, Michael and Edward Miguel. Worms: Identifying Impacts on Education and Health in the Presence of Treatment Externalities. Econometrica. January 2004, 159-217.

Kremer, Michael and Edward Miguel. The Illusion of Sustainability. Quarterly Journal of Economics. August 2007, 1007-1065.

Sept 29: Research Ethics & Data Sources

(Case Study: HIV prevention educational programs in Kenya)


Dupas, Pascaline. Relative Risks and the Market for Sex: Teenage Pregnancy, HIV, and Partner 


Selection in Kenya. Working paper.
October 1: Instrumental Variables: Statistical Theory


Angrist, Joshua and Alan Krueger. Instrumental Variables and the Search for Identification: From 


Supply and Demand to Natural Experiments. The Journal of Economic Perspectives, Vol. 15, No. 4 


(Autumn, 2001), pp. 69-85

October 6: Instrumental Variables: Earnings in the US

Angrist, Joshua and Alan Krueger. Does Compulsory School Attendance Affect Schooling and Earnings? The Quarterly Journal of Economics, Vol. 106, No. 4 (Nov., 1991), pp. 979-1014


Angrist, Joshua. Lifetime Earnings and the Vietnam Era Draft Lottery: Evidence from Social Security 


Administrative Records. American Economic Review. Vol. 80, No. 3 (Jun., 1990), pp. 313-336

October 8 : Review Day

October 13 : MIDTERM 1 !

October 15: Regression Discontinuity: Introduction


Angrist, Joshua and Victor Lavy. Using Maimonides’ Rule to Estimate the Effect of Class Size on 


Scholastic Achievement. The Quarterly Journal of Economics. May 1999, pp 533-575.

October 20: Regression Discontinuity

(Case Studies: scholarship program for girls in Kenya, educational finance in Chile)

Unpublished results from follow-up on a girl’s merit scholarship program.  For a description of the original intervention, see Kremer, Michael et al. Incentives to Learn. The Review of Economics and Statistics. August 2009. pp 437-456.

Chay, Ken et al. The Central Role of Noise in Evaluating Interventions that Use Test Scores to Rank Schools. American Economic Review. September 2005, 1237-1258. 
October 22: External Validity

(Case Studies: anti-corruption programs in Indonesia and Brazil, & community-based monitoring of health clinics in Uganda) 

Olken, Benjamin. Monitoring Corruption: Evidence from a Field Experiment in Indonesia. Journal of Political Economy. April 2007, 200-249.

Ferraz, Claudio and Frederico Finan. Exposing Corrupt Politicians: The Effects of Brazil’s Publicly Released Audits on Electoral Outcomes. Quarterly Journal of Economics, May 2008, 703-745..

Bjorkman, Martina and Jakob Svensson. Power to the People: Evidence from a Randomized Field Experiment of a Community-Based Monitoring Project in Uganda. Community-Based Monitoring of Primary Health Care PCEPR Working Paper # 6344. June 2007.

October 27: Matching, Propensity Score: Statistical Theory

Dehejia, Rajeev and Sadek Wahba. Propensity Score-Matching Methods for Nonexperimental Causal 


Studies. The Review of Economics and Statistics. February 2002. pp 151-161.
October 29: Matching, Propensity Score: Application 

(Case studies: water infrastructure and children’s health in India & workfare in Argentina)

Annan, Jeannie and Chris Blattman. The Consequences of Child Soldiering. Forthcoming in The Review of Economics and Statistics. 

Jalan, Jyotsna and Martin Ravallion. Does Piped Water Reduce Diarrhea for Children in Rural India? Journal of Econometrics. January 2003, 153-173.

Jalan, Jyotsna and Martin Ravallion. Estimating the Benefit Incidence of an Antipoverty Program by Propensity Score Matching. Journal of Business and Economic Statistics. January 2003, 19-30.

November 3: Data Quality, Logistics 

Baird, Sarah, Joan Hamory, and Edward Miguel.  Tracking, Attrition and Data Quality in the Kenya Life Panel Survey Round 1. Working paper.

Review Kremer et al’s Incentives to Learn

November 5: Field Work


http://www.chrisblattman.com

http://www.povertyactionlab.org

http://www.poverty-action.org

http://cega.berkeley.edu
November 10: Difference in Differences: Statistical Theory

(Case Study: minimum wage in the US)

Card, David and Alan Krueger. "Minimum Wages and Employment: A Case Study of the Fast Food Industry in New Jersey and Pennsylvania."  American Economic Review 84 (September 1994).

November 12: Difference in Differences: Development Case Studies

(Case studies: malaria eradiation in the Americas and land reform in India)

Bleakley, Hoyt. Malaria Eradication in the Americas: A Retrospective Analysis of Childhood Exposure.  Working paper.

Besley, Timothy and Robin Burgess. Land Reform, Poverty Reduction, and Growth: Evidence from India. Quarterly Journal of Economics. May 2000, 389-430.

November 17: Power Calculations

(Case Study based on Kenya Rural Water Project)

http://www.ats.ucla.edu/stat/stata/dae/t_test_power2.htm
http://sitemaker.umich.edu/group-based/optimal_design_software
November 19: Problems with the methodology


Heckman, James and Jeffrey Smith. The pre-programme earnings dip and the determinants of 


participation in a social programme. Implications for simple programme evaluation strategies. The 


Economics Journal. 1999. pp 313-348.

LaLonde, Robert. Evaluating the Econometric Evaluations of Training Programs with Experimental Data. American Economic Review, September 1986.
November 24: Guest Speakers

November 26: Group Presentations

December 1: Group Presentations


December 3: Review

December 10: Final Exam! 8-11 AM 122 Wheeler 

(Note: Syllabus as used in 2009 DeCal course, developed in collaboration with co-instructors.)

Global Poverty & Impact Evaluation (Fall 2009): 

Learning What Works for the World’s Poor

Tuesdays 5- 7 pm, 122 Wheeler 

Student Facilitators:

Garret Christensen
(garret AT econ DOT berkeley DOT edu)
Erick Gong 
(egong AT are DOT berkeley DOT edu)

Instructor of Record:

Ted Miguel 

(emiguel AT econ DOT berkeley DOT edu)

Sponsored by the Center of Evaluation for Global Action 
(http://cega.berkeley.edu)

Course Content: The course will cover impact evaluation theory (causal inference, experimental design and basic statistics) as well as methods (randomization, difference-in-difference, regression discontinuity, and propensity score matching). The curriculum will be applied, with weekly case studies of field research drawn from the international development literature. Discussions of methods will include issues related to research ethics and the protection of human subjects. At the end of the course, students will have the opportunity to present their own impact evaluation research projects and get feedback from CEGA faculty members.

Audience: The course is ideally suited for graduate and advanced undergraduate students with an interested in impact evaluation.  Graduate students in Public Policy, Public Health,  Education,  Political Science, ERG,  and Sociology, and undergraduates who have taken statistics courses may benefit the most from this course.  The curriculum is very applied and will be useful for students engaged in international development field projects, social entrepreneurship, and policy analysis.  Please email one of the student facilitators if you have questions about whether this course is the right fit given your interests and background.  
Learning Outcomes: Students who complete this course will be prepared to:  1) distinguish research-based “best practices” from those that have not been rigorously evaluated;  2) design an impact evaluation of a policy or intervention, and  3) evaluate data using a statistical software package.

For students who are considering conducting an impact evaluation of a program, facilitators will provide references to technical resources (e.g. textbooks on sample design and software for power calculations) and guidelines for developing a rigorous study.

Methods of Instruction: During class, facilitators will present the main concepts in short lectures structured around case studies (suggested readings from the literature), which will also serve as the basis for class discussion and small group activities. Lectures will discuss the strongest (most rigorous) evaluation methods and the shortcomings of weak evaluation methods. Case studies will highlight research from Africa, Asia, and South America as well as the U.S. and will cover programs related to health, governance, education, and agriculture. Group work will provide hands-on experience with research design and data analysis.

Grading:  Students will be graded on the following: 1) attendance, 2) participation in discussion, 3) 4 short problem sets (approx 1 hour of work each) and 4) a group presentation.  Students who miss two days of lecture (not including the first week’s introduction) will be in danger of failing the course.  For every lecture that a student misses, the student will need to submit a one-page summary/reaction to the lecture slides or referenced papers (posted below).  Depending on time availability, class size, and students’ interests, group presentations will take place in the final two weeks of class. 

Assignments:  The problem sets are designed to teach students how to apply the four methods (randomization, difference-in-difference, regression discontinuity, and propensity score matching) using statistical software (STATA)  with actual data.  An example of STATA code will be provided for each problem set.  Listed below are the four problem sets with the emphasis in parenthesis and the due dates.  
Problem Set 1 (Randomized Evaluations):  Handed Out Sept 22nd, Due Oct 3rd.

Problem Set 2 (Regression Discontinuity): Handed Out Oct 13, Due Oct 27th.

Problem Set 3 (Matching / Propensity Score): Handed Out Oct 27th, Due Nov 10th.

Problem Set 4 (Difference-in-Difference): Handed out Nov 10th, Due Nov 24th.

The group presentation will involve a brief research proposal.  Additional details of this will be presented in class.  

Software
Problem sets will require STATA, a statistical software program widely used in impact evaluations.  We recommend that students install STATA on their computer in order to complete the problem sets.  If you need to purchase a copy,   a single-user one-year license for Small Stata  (sufficient for this course) is available through Berkeley’s GradPlan for $48.  Note that a license allows you to install the software on up to three of your own computers. See www.stata.com/order/schoollist.html to purchase (select CA, then UCB, then product code SMSOFTAGS).  

Students can also access STATA in the computer labs at 1535 Tolman Hall during drop in hours.  If you need access, we will issue you a login and password.  Drop in hours for the Tolman Computer labs can be found at (http://facility.berkeley.edu/labs/hourstmf.html)

The Center of Evaluation for Global Action (CEGA)

CEGA is a multi-disciplinary research center at the University of California, Berkeley advancing global health and development through impact evaluation and economic analysis. The Center is premised on the principle that knowledge gained from randomized trials and other forms of impact evaluation is a valuable public good that can improve policy and outcomes around the world.

Anticipated Schedule: (Student Lecturer in parenthesis) 

Sept 1 (Garret & Erick): Course Introduction

Sept 8 (Erick): Introduction to impact evaluation in international development

Banerjee, Abhijit et. al.. Making Aid Work. The MIT Press. 2007.

Duflo, Esther. Scaling Up and Evaluation. Annual World Bank Conference on Development Economics, 2004.

Easterly, William. Can the West Save Africa? Journal of Economic Literature, 2009.

Sept 15 (Garret): Randomized Evaluations 1: Introduction, methodology, and the basic econometrics  

(Case Study: conditional cash transfers in Mexico) 

Duflo, Esther, Rachel Glennerster, and Michael Kremer. Using Randomization in Development Economics Research: A Toolkit. Poverty Action Lab White Paper, MIT.

Schultz, T. Paul. School Subsidies for the Poor: Evaluating the Mexican Progresa Poverty Program. Journal of Development Economics. June 2004, 199-250.

Fisman, Raymond and Edward Miguel. “Chapter 8.” In Economic Gangsters. Princeton, New Jersey: Princeton University Press, 2008. 

Sept 22 (Erick): Randomized Evaluations II: Applications

(Case Studies: housing vouchers in the US and microfinance in South Africa )

Kling, Jeffrey, Jeffrey Liebman, and Lawrence Katz. Experimental Analysis of Neighborhood Effects. Econometrica, January 2007, 83-119.

Karlan, Dean and Jonathan Zinman. Credit Elasticities in Less Developed Countries: Implications for Microfinance. American Economic Review, forthcoming.

Sept 29 (Garret): Randomized Evaluations III: Complications, Externalities

(Case Study: deworming drugs in Kenya)

Kremer, Michael and Edward Miguel. Worms: Identifying Impacts on Education and Health in the Presence of Treatment Externalities. Econometrica. January 2004, 159-217.

Kremer, Michael and Edward Miguel. The Illusion of Sustainability. Quarterly Journal of Economics. August 2007, 1007-1065.

October 6 (Erick): Research Ethics & Data Sources

(Case Study: HIV prevention educational programs in Kenya)
Dupas, Pascaline. Relative Risks and the Market for Sex: Teenage Pregnancy, HIV, and Partner Selection in Kenya. Working paper. 

October 13 (Garret): Regression Discontinuity

(Case Studies: scholarship program for girls in Kenya, educational finance in Chile)

Unpublished results from follow-up on a girl’s merit scholarship program.  For a description of the intervention, see Kremer, Michael et al. Incentives to Learn. NBER Working Paper #10971. 2004.

Chay, Ken et al. The Central Role of Noise in Evaluating Interventions that Use Test Scores to Rank Schools. American Economic Review. September 2005, 1237-1258. 
October 20 (Erick): External Validity

(Case Studies: anti-corruption programs in Indonesia and Brazil, & community-based monitoring of health clinics in Uganda) 

Olken, Benjamin. Monitoring Corruption: Evidence from a Field Experiment in Indonesia. Journal of Political Economy. April 2007, 200-249.

Ferraz, Claudio and Frederico Finan. Exposing Corrupt Politicians: The Effects of Brazil’s Publicly Released Audits on Electoral Outcomes. Quarterly Journal of Economics, May 2008, 703-745..

Bjorkman, Martina and Jakob Svensson. Power to the People: Evidence from a Randomized Field Experiment of a Community-Based Monitoring Project in Uganda. Community-Based Monitoring of Primary Health Care PCEPR Working Paper # 6344. June 2007.
October 27 (Garret): Matching, Propensity Score 

(Case studies: water infrastructure and children’s health in India & workfare in Argentina)

Jalan, Jyotsna and Martin Ravallion. Does Piped Water Reduce Diarrhea for Children in Rural India? Journal of Econometrics. January 2003, 153-173.

Jalan, Jyotsna and Martin Ravallion. Estimating the Benefit Incidence of an Antipoverty Program by Propensity Score Matching. Journal of Business and Economic Statistics. January 2003, 19-30.

November 3 (Garret): Data Quality, Logistics 

Baird, Sarah, Joan Hamory, and Edward Miguel.  Tracking, Attrition and Data Quality in the Kenya Life Panel Survey Round 1. Working paper..

November 10 (Erick): Differences in Differences

(Case studies: malaria eradiation in the Americas and land reform in India)

Bleakley, Hoyt. Malaria Eradication in the Americas: A Retrospective Analysis of Childhood Exposure.  Working paper.

Besley, Timothy and Robin Burgess. Land Reform, Poverty Reduction, and Growth: Evidence from India. Quarterly Journal of Economics. May 2000, 389-430.

November 17 (Erick): Power Calculations

Data exercise based on the Kenya Rural Water Project.

November 24: Review / Further topics / Group Presentations

December 1: Group Presentations / Outside Speakers

(Note: Sample problem set as used for 2009 DeCal course, written by Garret Christensen.)

CEGA Impact Evaluation DeCal Fall 2009—Problem Set 3

Garret Christensen & Erick Gong

Distributed 10/29/09, Due 11/10/09 in lecture

You are required to format your answers in some sort of friendly readable fashion, in the order the questions are asked. Please also create a log file of your work, and include a print-out with your written answers.  The log file is separate from your actual answers.

Download the SWAY data from Chris Blattman’s website:

http://chrisblattman.com/data/sway/
Use just the SWAY_I_27Jan2009 data-set. If you’re using Small Stata or have an older (Pre-10) version of Stata, use the data I attached in my e-mail.

1. Starting with pretty much every observable baseline characteristic, and then perhaps winnowing out the one’s that turn out to be insignificant (t-stat <2, p-value >.05), build a propensity score that estimates one’s likelihood of being abducted.  Basically, you should try to explain as much of selection into treatment (abduction) as possible. (An easy way to check this is to get the Pseudo R2 as high as possible—it’s in the output of every logit regression you run.)

What types of variables did you end up including? Does this make sense given what it says in the article on 2nd & 3rd paragraphs on page 9?

What is the average of your propensity score for the actually abducted?

For the non-abducted?

HINT: logit treatment list-of-controls




/*uses all the control variables to estimate treatment likelihood*/


predict varname

/*run this immediately after a logit or reg command to store the values as a new variable*/


bysort treatment: summ varname

2. Graph a box-plot of your estimated propensity score for both the actually abducted and the non-abducted.

HINT: graph box var1, over(var2)

3. Is their much overlap in your box-plot?  Do you think the propensity-score method is reliable in this instance? Explain.

4, Regress illiteracy on:

abduction

abduction and the estimated p-score

abduction and the estimated p-score and the controls you used to make the p-score

What is the effect of abduction on illiteracy? Is it statistically significant?

5. (OPTIONAL) Repeat #4, except with a health or labor-market outcome variable of your choice.  Try and find one that sees a statistically significant difference due to abduction.

6. Choose one of the variables from 4 or 5, and instead of using the p-score to estimate the effect of abduction, just regress the outcome of interest on abduction and the background characteristics you used to get the p-score in the first place. Does this change your estimate of the effect of abduction?

7. Use Imbens’ matching command to estimate the effect of abduction on the variable you chose for #6.  Tell the matching command to match based on the variables you used to construct your p-score. Run the matching command twice—once using one match and once using two matches. What is the effect of abduction on your variable? Is this much different from what you got using all the previous methods?

Hint: The matching command is downloadable at http://elsa.berkeley.edu/~imbens/estimators.shtml
Put the match.ado file in your “ado” folder, which is probably in the Stata folder or the root directory. Page 6 of Imbens’ paper (available at http://elsa.berkeley.edu/~imbens/statamatching.pdf) has instructions on how to use the command, but basically, it’s:

match dependentvar treatmentvar all-variables-you’re-matching-on
add “, m(2)” at the end when you want to match against 2 people.
8. Change your matching command to match based on just the estimated p-score. Again, run twice, using one match and two matches. What’s the effect of abduction on your variable? Is this different from what you got in previous questions?

9. Overall, do you feel that propensity scores or matching provides much of an improvement over normal regression? Why or why not?

10. How long did this assignment take you?

EXTRA: If you really love this stuff, another way to use the p-score (and the way it is used in Blattman and Annan’s paper) is as weights in a regression. This is definitely beyond the level of this class, but if you want to experiment, the weights are 1/(P_score) if treated and 1/(1-P_score) if control. Try “help weights” for info on weights; I believe the appropriate type of weights are pweights.  

